ON IRREGULAR FUNCTIONALS OF SDES AND THE
EULER SCHEME

RAINER AVIKAINEN

ABSTRACT. We prove a sharp upper bound for the approximation
error E|g(X) — g(X)[? in terms of moments of X — X, where X
and X are random variables and the function g is a function of
bounded variation. We apply the results to the approximation of
a solution of a stochastic differential equation at time 7' by the
Euler scheme, and show that the approximation of the payoff of
the binary option has asymptotically sharp strong convergence rate
1/2. This has consequences for multilevel Monte Carlo methods.

1. INTRODUCTION

1.1. Motivation. In the theory of mathematical finance, the compu-
tation of expected values of payoffs by Monte Carlo methods and the
use of backward stochastic differential equations (BSDEs) are of par-
ticular importance. It turns out that in both areas a certain inequality
plays an essential role:

Elg(Xr) — g(Xp)PP < C'x[”, (1.1)

where v > 0,1 < p < oo, X7 is a diffusion, and X7 is an approximation
of Xr corresponding to a partition 7 of the interval [0, 7] with mesh
size ||, e.g. the Euler scheme.

The approximation of solutions of SDEs is related to the multilevel
Monte Carlo method introduced by M. Giles [7], [8]. One purpose of the
multilevel Monte Carlo method is to approximate the expected payoff
of an option with a small computational cost. Giles” method requires
estimates for the variance of g(X7) — g(X7) for possibly non-Lipschitz
payoff functions g. Part of the motivation for our work is to investigate
in detail the variance in the case of the Euler scheme and the payoff of
the binary option.

Consideration of the inequality (1.1) is motivated also by discretiza-
tion schemes for BSDEs, where the function g appears in the terminal
condition. The inequality is responsible for the coupling of the forward
and backward part of some recent numerical algorithms in simulation
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of BSDESs, and strongly affects the precision of the backward algorithm.
This is exploited by C. Geiss and S. Geiss [6].

If the function ¢ is Lipschitz, then the inequality (1.1) reduces to the
strong convergence rate of the underlying scheme. However, the binary
option with payoff function g(x) = X[k, is of importance in both areas
mentioned above, and gives a primary example of a situation where an
estimate of type (1.1) is needed for a non-Lipschitz function. Our aim
is to show that we can get substantial information about (1.1), for a
large class of functions g, from existing results on strong convergence of
approximation schemes for the solutions of SDEs. This is particularly
important in the case that the strong convergence rates are basically
the only information available about the scheme.

1.2. Convergence of the Underlying Scheme. There exists an ex-
tensive literature on approximation schemes for stochastic differential
equations. P. E. Kloeden and E. Platen [18] show that any order of
strong convergence can be achieved by the strong Ito-Taylor approxi-
mations, i.e. for any order 7 > 0 there exists a scheme X7 such that

E ( sup ]Xt—Xﬂ) <Clr|".
0<t<T
The most common examples are the Euler scheme and the Milstein
scheme, which have the order of strong convergence 1/2 and 1, respec-
tively. Errors with respect to both global and pointwise error criteria
are considered by N. Hofmann, T. Miiller-Gronbach, and K. Ritter in
[13, 14], Hofmann and Miiller-Gronbach in [15], and Miiller-Gronbach
in [20, 21]. The latest result concerning the pointwise error is due to
Miiller-Gronbach [21], where the author defines certain classes of con-
vergence schemes and finds optimal (adaptive) schemes for each class.

Another point of view is to relax the continuity assumptions of the
coefficients o and b, and consider the convergence of the Euler scheme.
[. Gyongy and N. Krylov [10], Gyongy [11] and D. J. Higham et al.
[12] have presented results in this direction.

1.3. Main Results. We develop in Theorem 2.4 a general principle
that gives a sharp upper bound for the functional E|g(X) — g(X )P in
terms of moments of X — X. Here X and X are random variables and g
is a function of bounded variation, e.g. the payoff of the binary option.
The principle implies that if approximations (X[ ).cjo,r] satisfy

|Xr — X7, < Cy |7 (1.2)
for some v > 0 and all 1 < p < oo, then
Elg(Xr) — g(XF)I" < Cp|x["™ (1.3)

for any 0 < € <~y and for any function of bounded variation g. In other
words, the convergence result (1.2) automatically gives a convergence
rate in (1.3) that is arbitrarily close to the original rate.
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For the Euler scheme, where we have v = 1/2, and for a sufficiently
small mesh size we show in Theorem 4.4 that in the estimate (1.3), the
convergence rate 1/2 — e can be replaced with 1/2 — C(—log |x|)~%/3,
which converges to 1/2 as the mesh size decreases. This we show to be
asymptotically sharp in Theorem 6.2, where we obtain a lower bound
for the approximation error by considering the geometric Brownian mo-
tion. We also apply Theorem 4.4 to the multilevel Monte Carlo method
and get an improvement in the mean square error of the multilevel es-
timator. These results are achieved under certain conditions on the
SDE, including the existence of a bounded density for the solution Xy.

Similar results concerning the Euler scheme have been independently
obtained by M. Giles, D. J. Higham and X. Mao [9], who show the con-
vergence rate 1/2 — ¢ for binary options, as well as results for different
option types. The estimate for the binary option is now developed
further by our Theorem 4.4.

1.4. Organization of the Paper. The main result for functions of
bounded variation, Theorem 2.4, is presented in Section 2. Its proof
is postponed to Appendix A. The setting for stochastic differential
equations and the application to strong Ito-Taylor approximations is
presented in Section 3. Section 4 contains more specific results obtained
for the Euler scheme, and the application to multilevel MC method
follows in Section 5. A lower bound for the approximation error in the
case of Euler scheme is given in Section 6.

This paper is a reduced version of [1], which presents a generalization
of (1.3) to a larger class of functions.

2. FuNcTIONS OF BOUNDED VARIATION AND MOMENTS OF
RANDOM VARIABLES

Suppose that we have a probablhty space (2, F,P) and two random
variables X, X :Q — R. Consider X to be an approximation of X in
the L,-norm. We find an estimate for the functional E|g(X) — g(X)|
in terms of the pth moment of X — X , where ¢ is a real valued function

of bounded variation. Let us first recall the definitions of the spaces
BV and NBV.

Definition 2.1. Let
N
) :=sup > _[f(z;) = flz;-1)l,
j=1

where the supremum is taken over N and all partitions —oo < xg <
r1 < ...<xy = z, be the total variation function of f. Then we say
that f is a function of bounded variation, f € BV, if

V(f) = lim Ty()
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is finite, and call V(f) the (total) variation of f.

Definition 2.2. Let NBV, where N stands for normalized, be the set
of functions f € BV such that f is left-continuous and f(xz) — 0 as
T — —00.

Ezxample 2.3. Let g = x|k ) be the payoff function of the binary option.
Then g € BV, T, = ¢, and V(g) = 1.
Theorem 2.4. The following assertions hold:

(i) Suppose that X and X are random variables and X has a
bounded density fx. If g € BV and 1 < q < oo, then for
any 1 < p < oo we have

Elg(X) — g(X)|” < 397V (g)? (sup fx) 71 !

(ii) The power }% of the Ly-norm is optimal, i.e. if # <r<o
and

Elxixo0(X) = Xiicoo (X)] < COX Kopyr) [X = X

P
pt1

X - X

T

p

for all random variables X and X, thenr = ﬁ.

(iii) Let X be a random variable. If there exist po > 0 and Bx > 0
such that

p
FES

EIX(K.00)(X) — X[x00)(X)| < Bx HX - X

p

for all pg < p < o0, all K € R and all random variables X,
then X has a bounded density.

Proof. The proof is presented in Appendix A. O

3. SETTING FOR SDES

The results of Section 2 can be applied directly to the pointwise
approximation of solutions of stochastic differential equations. We start
by defining the setting.

We fix a terminal time 7" > 0 and suppose that (W;)¢cjo,r] is a stan-
dard one-dimensional Brownian motion defined on a complete filtered
probability space (0, F,IP, (F¢)ico,r)), where the filtration is the aug-
mentation of the natural filtration of W and F = Fr.

We consider a diffusion process X, which is a solution to

{ dX, = ot, X,) dW, + b(t, X,) dt,

3.1
X, — 1, (3.1)

with o € R and continuous coefficients o,b : [0,7] x R — R. We
assume that for f € {o,b} there exist constants Cr and o > 3 such
that

(1) [t 2)] < Cp(1 + [z]),
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(i) |f(t,x) = f(t, )| < Crlr —y|

(ii) [f(t,2) = f(s,2)] < Cr(1 + [])]t - s]*.
Assumptions (i) and (ii) imply the existence of a unique adapted strong
solution X of the SDE (3.1), see e.g. [17]. Note also that (ii) and (iii)
imply (i). Moreover, we assume that

(iv) X7 has a bounded density.
Remark 3.1. Assumption (iv) is satisfied if we assume that o,b €
C([0,7] x R) and o satisfies the uniform ellipticity condition, i.e.
there exists a constant 3 such that
o(t,z) > >0 forall (t,z) € [0,T] x R.

See [5, p. 263]. Another sufficient condition is given by Caballero et
al. [4, Theorem 2]. They assume that ¢ and b are C? in x, the second
derivatives have polynomial growth, the functions |o(0, )|, |o.(t, z)|,
1b(0, )| and |b,(t, z)| are bounded, and
—po/2
> < o0

E ( /Ota(s,Xs)st

for some py > 2 and for all ¢t € (0,7]. Then there exists a continuous
density fx, of X; such that for all p > 1

(/Ot o(s, X,)? ds)

Denote by 7 a partition 0 =ty < t; < ... < t, = T of the interval
[0, 7], and let

—-1/2

th(ZE) S OP

for some constant C}, > 0.

7| = 012% |tiv1 — ti

be the mesh size of 7. Moreover, denote an approximation of X corre-
sponding to w by X™. As an immediate consequence of Theorem 2.4,
we can derive

Corollary 3.2. Let X be the solution of the equation (3.1),1 < q < o0,
and g € BV. Suppose that Xt has a bounded density, 1 < p < oo, and
X7 s an approximation of Xp such that

| X7 — X7, < Gyl (3.2)

for some v > 0 and some constant C, > 0. Then
Elg(X1) — g(X7)[? < 37" (sup fx, )71 V(g)Cy™ |41 .

Remark 3.3. Assuming that (3.2) holds for all 1 < p < oo, Corollary
3.2 gives the asymptotic convergence rate 7 — ¢ for any € > 0 and is
applicable to all appropriate strong Taylor approximation schemes, see
[18]. Two such schemes are the well known Euler and Milstein schemes.
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For the Euler scheme the rate of strong convergence is v = 1/2, which is
later given in Theorem 4.3. Under certain assumptions, for the Milstein
scheme it is v =1 [19, p. 140].

4. EULER SCHEME

In case of the Euler scheme, Corollary 3.2 gives the convergence rate
%—5. In this section we improve it by replacing € by an explicit formula
in terms of log || for small mesh size |7|. First recall the definition:

Definition 4.1 (Euler scheme). Let X* be the Euler scheme relative

to w, i.e. XF ==z, and fori=0,...,n—1,
X5+1 = thf + b(tZ7X5)(tl+1 — tl) +U(ti,X5)(Wti+l — th)

Given the values at the partition points, we also define the Euler scheme
in continuous time by setting

XP =X+ o(tn, XD)Y Wy = W) + blt, X7)(t — ty,)
for t € (tlﬁtk-f—l)‘

Remark 4.2. The Euler approximation of Xr, denoted XZF, always
depends on the corresponding partition 7. This is omitted from the
notation for simplicity.

The improvement of Corollary 3.2 in the case of the Euler scheme is
based on the following statement.

Theorem 4.3. If the assumptions (i) and (ii) in Section 3 hold, and
1 <p< oo, then

sup |X, — XP|| <M in|E,

0<t<T

p

where the constant M > 0 depends at most on xo, T and Crp.

Proof. We omit the proof, and refer the reader to [2, pp. 275-276],
where the result is stated without computing the constant explicitly.
See also [1, Theorem A.1]. O

Using the information about the constant in Theorem 4.3, we can
write an extended version of Corollary 3.2 for the Euler scheme:

Theorem 4.4. Let 1 < p < oo and g € BV. Then there exists
m € (0,1) such that for |w| < m we have

1 24M
Elg(X7) — g(XF)[P < 3P(sup fxp V v/Sup fx,)V(g)? x| roend/®

where the constant M = M(xo, T, Cr) is taken from Theorem 4.5.
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Proof. By Theorem 2.4, Theorem 4.3, and the formula QT <aViya
for a > 0 and ¢ > 1, we get that for all 1 < ¢ < oo and p > 1,
Elg(Xr) — g(XP)I < 3"+ (sup firyVv/5up f, )V (g)e™™ 747 || 70

< 37" (sup fx, V /sup j}(T)V(g)pqu2 \W\ﬁ .
Now choose ¢ such that

4g(q +1)* = —log ||

16

for || < m with m = 715 This gives ¢ < —log|n| and ¢* <

(—log |7])?/3. Thus we have

2 _ 2/3 —M(=1 -1/3
eMa SeM( log|7|)?/3 _ |7T‘ (— log|m])

1 q -
ST =\ i <V (el = (-~ logl)

Using the above we get

and

2 _q 2 11 1 14M 1_ 24 M
3eMT || 2@iD = 3eMT |27 2@ < 3|m|? ClealnB < || (lesln)'/E

where in the last step we used the inequality
1
3\7r\<—log\7r\)1/3 <1

for |r| < m. We conclude that
24+ M

Elg(Xr) — g(XF)[P < 3°(sup fxp V v/Sup fx,)V(g)? x| roend/®
0

Remark 4.5. We could apply a similar technique to the Milstein scheme
or any other strong Taylor approximation, if we proved the L,-estimate
corresponding to Theorem 4.3 with an explicit constant.

5. APPLICATION TO THE MULTILEVEL MONTE CARLO METHOD

The multilevel Monte Carlo method introduced by Giles [7] requires a
variance estimate for the difference of the payoff and its approximation.
Corollary 3.2 gives the parameter § = y—¢ in [7, Theorem 3.1 iii)] in the
case of a payoff of bounded variation, especially for the binary option,
and any approximation scheme satisfying the moment estimate (3.2).
We now show how our estimate on the Euler scheme, Theorem 4.4,
applies in this setting. In the following, we strictly keep the notation
of Giles and refer the reader to [7] for details.

For the Euler scheme (and for simplicity for T'= 1) and a fixed step
size parameter M > 2 we can replace condition iii) in [7, Theorem 3.1]

by
-~ 1 ,l+$
iii) VY] <N, "M *? (1o M)VE)/3
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where A, B > 0 depend at most on the diffusion X and M. Us-
ing the computation in the proof of [7, Theorem 3.1] for « = 1 and
B = 1/2, we obtain that the computational complexity is bounded by
045*%, whereas the mean square error of the multilevel estimator can
be bounded from above as follows:

B[ — B[P < = + Sa(e).

+5
2

€
2

Here

L(e)

©(e)i= (1= MM Y Mo,
where D, E > 0 depend at most on the dlffuswn X and M, and

() = [W—Clgﬂ

log M

with ¢; > 0 taken from [7]. We note that for all 6 > 0,
. ) _
181%1 O(e)e’ = 0.

This follows from the definition of ® and the inequality (6) in [7], which
says that

€
— <M TMO < =
f Mo T2
6. LOWER BOUND
In this section we find a solution X; (i.e. T = 1) of an SDE of
the type (3.1) such that it gives a lower bound for the approximation
error of the Euler scheme in Theorem 4.4. This is achieved by choosing

X, = S,, the geometric Brownian motion. Let S, = eWt=%/2 for t € [0, 1],
so that S is a solution of

t
St == 1+/ SSdWS,
0

and let U™ := S¥ — S, where S¥ is the Euler scheme as defined in
Definition 4.1 corresponding to the equidistant partition of [0, 1], i.e

= (i/n)iz

Lemma 6.1. We have (W,/nU") = (W, U) in the Skorohod topol-
oqy, where U is the unique strong Lo-solution of the equation

t 1 t
U, :/ USdWS——/ S, dB. 6.1)
=), 7, (

and B is a standard Brownian motion independent of W.

Proof. The statement is an immediate consequence of a result by Jacod
and Protter [16, Corollary 5.4]. O
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Theorem 6.2. There exists Ky > 0 such that
liminf\/ﬁ sup E’X[Kpo)(sl) — X[Kpo)(SF)’ > 0,

n—oo KEKO
where ST is the equidistant FEuler approzimation of S.

Remark 6.3. Theorem 6.2 states that the convergence rate in Theorem
4.4 is optimal up to the logarithmic term.

Proof of Theorem 6.2. Let us consider the setting of Lemma 6.1 and

the process U defined by the equation (6.1). If U; = 0 a.s., then for all

t € [0, 1] we have U; = 0 a.s., which leads to a contradiction. Therefore

P(U;>0)>0o0r P(U; <0)>0. If P(U; >0) >0, then there exist
€ (0,1], § >0 and K > 1+ Ky with Ky > 0 such that

]P(Sle [K—LK), U1>€):(5.

The case P (U; < 0) > 0 can be treated in a similar way by chang-
ing the condition U; > ¢ to U; < —e. By Lemma 6.1 we know
that (W, y/nU") = (W,U) in the Skorohod topology. This implies
that (Wy,/nU}") = (Wy,U;), since the projection mapping 7, i.e.
the mapping o +— «(1) for a process a, is continuous in the Sko-

rohod topology. Because the function €75 is continuous, we have
(S1,/nU}") = (S1,U;). Therefore

liminf P (S € [K — 1, K),/n[S{ — 51| > ¢)

n—oo

= lim inf P (S1€ (K —1,K),v/nU" >¢)
>P (S € (K—-1,K),U; >e¢)
=P (S, €[K—-1,K),U >¢).
We see that there exists ng > 1 such that for all n > ny
P (51 €K —1,K), [SF - 8] > %) > 2.
For any partition K — 1 = K§j* < K{" < --- < K]’ = K, we have
sup P (51 c KM, KM), [SP — 8] > %) > %
Now choose the partition (K]");”, to be equidistant with
e
m ~ \/n’

Then there exists [y € {1,...,m} such that

(6.2)

m m £
(Sl c [Kl0—17Klo)7 SF > Sl + %)

P
<P (S <K', S > K[").
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Let m = [y/n/e], which satisfies the condition (6.2) for the mesh size.
Thus

o

2[v/n/e]

IN

P (S: < K", S{ > K]")

< Elxxp o0 (S1) = X0 (ST)I-
Since [y/n/e] < 2y/n/e, we have

) Oe
Elvigm o1 (S1) = Xikm ooy (SE)| > > ,
|X[Klov )( 1) XU{IO’ )( 1)‘ = 2"\/5/6-‘ el 4\/ﬁ
Therefore
Oe
v sup ElX(x,00)(S1) = Xix,00) (ST)] = T
K>Ko
for all n > ng, which implies the assertion. O

APPENDIX A. PROOF OF THEOREM 2.4

The proof of Theorem 2.4 exploits the non-increasing rearrangement
of random variables, which we recall first. Using this, we formulate
in Lemma A.4 a statement for indicator functions that is analoguous
to Theorem 2.4 (i). Then we proceed with the proof of Theorem 2.4
(i), which is based on Lemma A.4 and the measure representation of a
function of bounded variation.

Definition A.1. The non-increasing rearrangement of a random vari-
able X, notated by X*: [0,1] — R U {400, —00}, is defined

X*(s):=inf{ce R: P(X > ¢) < s}.
Here we use the convention that inf ) = oco.

Remark A.2. Definition A.1 is slightly different from the standard non-
increasing rearrangement as defined e.g. in [3], where the absolute value
of the function X is taken, and in fact defines the (1 — s) -quantile
of X. However, by analoguous arguments we can show the following
properties:
(i) X*(1)=—o0 always, X*(0) = oo if X is not essentially bounded,
and X*(s) € R for s € (0,1),
(il) X* is right-continuous,
(iii) X* has the same distribution as X with respect to the Lebesgue
measure on [0, 1],

Definition A.3. Denote the minimal slope of the function X* from
the level K by dx : R — [0, 00),

dx(K) = inf {

s€[0,1]
#o(K)

|X*(8)—K\}
s —a(K)] [
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where

a(K) = P(X > K).

Lemma A.4. Suppose that X is a random variable. Then the following
assertion holds: if X has a bounded density fx, then for all K € R,
all random variables X and all 0 < p < oo we have

X - X

p
p+1
)

B X(x.00)(X) = X{i00)(X)] < 3Dx (K)7+

p
where

Dx(K) = dX(K)

Remark A.5. Corresponding results for the functions X (x o) X(—oo,k]
and X(—c,K) are obtained by considering complements of the intervals

€ (0,sup fx].

in the indicator functions and the random variables —X and —X.

Remark A.6. We will only use the upper bound of the constant Dx (K).
However, the information that Dy (K) contains about K can be ex-
ploited. This could be an issue of further investigation.

Proof of Lemma A.4. Fix K € R and 0 < p < oo, and let X be a
random variable such that

for some € € (0,1]. Define gy ;= P(X > K, X < K) and &5 := P(X <
K, X > K), so that ¢ = 1 + 5. Set o := a(K) = P(X > K). Notice
that « — g7 > 0 and a + g9 < 1. Now
ElX - X|" > E[X - X’pX{XzK,X<K}U{X<K,X2K}
> E|X - K’pX{XzK,X<K}U{X<K,X2K}
=E|X - K|pX{X2K,X<K} + E[X — K|pX{X<K,X2K}‘
Since X has a bounded density, we can find a number ¢y € [K, oo] such
that P(K < X < ¢) = €1, and so [{K < X* < ¢}| = €1. Note that
co may not be unique. However, {K < X < ¢y} is a set of probability
g1 where E|X — K[Px4 is minimized over all A C {X > K} with
P(A) = &1, which implies that
E[X — KI"X x>k x<xy 2 BIX = K[PX(5.00)(X)

[0

— [ X0 - K (XD ds= [ X0 - P ds
(0,1]

o dx (K)Ped™
Z/ \dX(K)s\pds:&.
0 p+1

Similar arguments show that

ateg . dx(K)p€p+1
EIX — KI"X(x<x x>K} 2 / | X"(s) — K[Pds > Tf'
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Thus
dx(KP(ef™ + 5™ _ dx(F)rert!

E|X — X|P > > :
p+1 2r(p+1)

(A.1)

The equation (A.1) gives
E|X{,00)(X) = Xi,00)(X)| = €

< 29¥1 1)1< ! )p_il E|X — X|P =
< 2p+1 + p+1 ( — ) .
P dx(K)

By elementary computations we can show that

2957 (p+ 1)1 < 2e% < 3.

Recalling the definition of Dy from Lemma A.4, we may write

E|X(k.00)(X) = Xi.00) (X)| < 3Dx(K)7+1 | X — X

p
p+1
p

Using the definition of X* and the boundedness assumption for the
density of X we see that 1/dyx(K) < sup fx. O

Proof of Theorem 2.4 (i). First we show the result for functions g €
NBV. By [22, Thm. 8.14] there is a unique signed measure p such
that
9(x) = p((—o0,z)) and [p|((—o0, z)) = Ty(x),

where |p| is the total variation measure of y, and T, was defined in
Definition 2.1. We consider the Jordan decomposition of u , i.e. pu =
p11— o, where py = 3(|p|+p) and po = 5 (|| — ) are positive measures.
Then |p| = g1 + po, and all three measures |u|, p1, and py are finite
since |u|(R) = V(g) < co. Thus we have

o) = ul(=0,0) = [ X)) = [ Kooy ).
By Lemma A.4 and Remark A.5,

~

900 = (%)

A

_ /}R X(eo0) (X) dpa(2) — /]R X(2,00) (X)) dpa(2)

4 q

= /IR [X(z,oo)(X) —x(z,o@(f()} dp(z)

q

< | [ s = e (B din )

q

< [ Jxesm(30 = xeso X dlnle)

< 3%(sup fx)ﬁV(g) HX - X

_p
a(p+1)
)
p

which completes the proof for functions in NBV'.
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Next, let g be an arbitrary function in BV. By [22, Thm. 8.13],
there exists a unique function ¢ € NBV and a unique constant ¢ €
R such that g(z) = g(x) + ¢ at all points of continuity of g, and
moreover, V(g) < V(g) and g can have only countably many points
of discontinuity. Define Ujc;{a;} to be the set of these points and let
A; = g(aj) — g(a;) — c. Then we can write

g9(x) = 9(x) + ¢ + A(z),

where
Alz) = Aixta (@) = DA (X (o0, () = X(o0ay) (2)) -
jeJ jeJ
We define a measure
UV = Z Aj(;a].,
jeJ

where 6, is the Dirac measure in a. It follows from [22] that g(a;—)
exists. Thus we have g(a;) + ¢ = g(a;—) and

IR = 3l = 3 laley) — ala;-)] < V().

Now we may write

Alz) = / oot (@) = X(sorn(@) di(2)

and compute, similarly to the NBV case, that

2 = a0 < | [ w0 = xeaOl i)

q

N H /}R X (o) (X) = X(ooey (X)) d]¥](2)

q

< /}R eroo,z}(X)—X(—oo,z](X)

)

+/]R HX(—oo,z)(X) — X(-o0) (X)

()

1 p A
< 2-3i(sup f) TV (g) | X - X

_p
a(p+1)
p

This, combined with the NBV result, implies that
o) — 9D = |0~ 3(%) + AX) ~ AK)

< o) - g(x)

q

+ HA(X) ~ A(X)

q

_p
q(p+1)
;

1 p A
< 3-3i(sup fx) WV (g) | X - X

p
which gives the statement. U
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Proof of Theorem 2.4 (ii). To see the optimality of the power, we con-
struct an example where the lower bound given by equation (A.1l) is
achieved. Suppose that € = [0, 1] is equipped with the Lebesgue mea-
sure, K = % and € < 1. Letting X (w) = w we see that X has a bounded
density and dx (%) = 1. Define

X, ifwel0,3-5)U(3+51],
X=(X+¢ ifwell-%1,
X—-5 ifwe(sz+5]
Then
6p €p+1
EIX - XP =B[5| xg 500000 = 5
so by the assumption we have for all 0 < ¢ < 1 that

pH1IN\ T
A e

which implies r = #. O

Proof of Theorem 2.4 (iii). Let § > 0 and choose X = X —§. Then
E[X(x,00)(X) — X[K,oo)(X)’

=PX>K, X-0<K)+PX< K, X-§>K)

=PK <X < K+9),
so that by assumption, for p > pg, we have

P(K < X < K +6) < Bxdw.
We let p tend to infinity and conclude that
P(K < X < K+§) < Byxé.

Let N C R be a null set with respect to the Lebesgue measure and
let ¢ > 0. We can find a sequence (/;) of open intervals such that
N cJI; and ) |I;| <e. Let Lx be the law of X. Then we have

Lx((a,b)) < Lx([a,b)) < Bx|b—d
and

Lx(N) < Lx <U g) <> Lx(Ij) <Bx Y || < Bxe.

J

This implies that Lx(N) = 0, so Lx is absolutely continuous with
respect to the Lebesgue measure. By the Radon-Nikodym theorem
there exists a probability density f: R — [0, 00) such that

Lx(M) = /M f(x) do
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for all measurable M C R. Define a distribution function ® : R — [0, 1]
such that

O(t) = /too f(z) dx.

Then by [22, Thm. 8.17], we have that ®'(t) = f(¢) a.e. in R. On the
other hand, we have that

O(t+ h) — ()

h
P'(t) = lim < }llim X — By ac. n R,

h—0 0
because (¢t + h) — ®(t) = Lx((t,t + h)). Therefore we conclude that
f(t) < Bx a.e. in R. O
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